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Evaluation of College English Teaching Quality Based on AHP and GWO—ELM
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(Sichuan Institute of Technology, Luojiang, Sichuan,618500, China)

Abstract In order to improve the evaluation accuracy of college English teaching quality, input parameter weights
from the initial state of the model and the bias coefficients of the hidden layers have positive effects on the performance of
the Extreme Learning Machine (ELM) model. The evaluation method of college English teaching quality based on
GWO-ELM. Construct a multi-index system of English teaching quality evaluation index system from five aspects: teacher
quality, teaching attitude, teaching content, teaching method and teaching effect. The evaluation index data and the types of
college English teaching quality (poor, medium, good and excellent) ) Are used as the input vector and output vector of the
ELM model to establish a college English teaching quality evaluation method based on the GWO-ELM model. After
experimental demonstration, the method proposed in this paper is compared with the classic KNN model and GA-ELM
model, which improves The accuracy of the evaluation of English teaching quality is the highest, which provides a new
method for the evaluation of English teaching quality.
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